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ABSTRACT

A Defendant's request for bail will be ruled regarding the Criminal Court Code, B.E.
2477 (Section 108/1). The order to be temporarily released may be dismissed upon reasonable
grounds based on the case information, circumstances, and criminal records of the defendants.
The former research in risks of provisional release had concluded several significant factors
reliant on the reasonable grounds as specified by the law. To support the effective decision
making of the judges, this work presents an automated system for risk assessment in temporary
release for the court of justice using machine learning techniques. Our constructed model
classifies allowed or disallowed requests based on reliable factors. These factors include 1) case
and defendant, 2) insurances and their securities, 3) circumstances, and 4) criminal records of the
defendants. Experiments on the sample court showed that a decision-tree model obtains the
highest accuracy score on cases data during the Covid-19 pandemic year (in 2020 and 2021). Our
model correctly classifies all allowed requests. Meanwhile, only one actual disallowed request is
misclassified due to the objection requested by the plaintiff which will be further included in a

training dataset.

Keywords: temporary release, risk assessment, machine learning, criminal record of defendants
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