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ABSTRACT

In Thailand, the amount of deaf is the second-largest in total numbers of disabled people.
The main obstacle to communicate with the deaf is that some words in sign language have specific
gestures that are difficult to predict. The former research in Thai sign language recognition provided
high accuracy on a few sign-language words using the deep learning technique. Contrastingly, a
hundred sample videos per word were input to the LSTM classifier. An extensive effort from experts
to produce training videos is required to build a model to learn a larger number of words. Therefore,
this work presents a system to translate everyday-life Thai sign words using the few-shot learning
technique. Firstly, the few training videos per word are constructed based on the experts' videos. Then,
input features on each frame of the videos are extracted from hand and face positions and the angle of
the upper and lower arms. Once the model is constructed, experts' videos are used as testing datasets.
The experimental results show that our model produces high accuracy (74%) on experts' videos. The
misclassified words seem to have similar postures or repeated gestures in the same position.
Furthermore, improving the model's performance requires a small number of accurate training videos

from experts.

Keywords: Thai Sign Language, Translation System, Few Shot Learning
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