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ABSTRACT

The Thai funeral wreath is a symbol of commemoration for the deceased which was
influenced by Western culture, then modified and utilized to show Thai uniqueness. The wreaths cost a
high price and can only be used once. This inspired the concept of wreath adaptation by using recycled
materials such as fans, blankets, towels, clocks, or trees, then decorating them with artificial flowers from
waste material to increase product value and conserve resources. When sending a funeral wreath to
express sympathy to the funeral host, the sender’s name is displayed on a large black or white card on the
top of the wreath. This lets the bereaved know the senders and gives the hosts a chance to thank them
later. Therefore, the hosts likely need to keep a record of the senders. It is helpful to use modern
technology such as artificial intelligence, which has made a lot of progress in learning and memorizing
messages from photos of wreaths, and chatbot technology for recording data of several types of
wreaths. Thus, this project presents a chatbot system for reading and classifying types of funeral wreaths
by creating small-sized categorical models using MobileNetV2 techniques and increasing the diversity of
photos through the Data Augmentation technique. Test results show that the model is of high quality with
98% accuracy in reading messages on photos of wreaths and classifying the types of wreaths into 4
categories. Furthermore, the model was tested using the Chat Bot system via LINE and was able to
provide data from mobile phone photos effectively and conveniently. This project can be modified for use
in other ceremonies, such as wedding ceremonies or official promotion ceremonies, to allow organizers to

record details of the event conveniently.

Keywords: Deep learning, Chatbot system, Wreath
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