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FINANCIAL STATEMENT ANALYSIS FOR STOCK SCREENING AND

PRICE PREDICTION WITH ARIMA MODEL
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Abstract

Nowadays, Currently, there are various models available to assist investors in predicting stock
prices. Each model has its strengths and weaknesses, and relying solely on one model may not be sufficient for
effective stock selection. Therefore, incorporating financial statements into the analysis is crucial for accurate
stock selection and to enhance decision-making efficiency in investment. This thesis explores the importance

of adding financial statements to stock analysis, acknowledging that various models, such as Exponential
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Moving Average (EMA), Moving Average Convergence Divergence (MACD), and Relative Strength Index
(RSI), contribute valuable information for investors. These indicators aim to provide comprehensive data and
aid in making well-informed investment decisions based on fundamental analysis.

Keywords: Stock screening, Financial statements, Stock price prediction, ARIMA model, Investment, Time

Series
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2 AP 0.86 0.46 11.21 16.99 1.87 6.38 1.03 4.31
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12 RATCH 1.25 0.53 4.99 6.87 3.15 11.41 0.87 3.9
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16 SCC 1.21 0.5 3.38 5.78 17.82 13.9 1.04 5.41
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17 SPALI 0.7 0.41 14.26 18.45 4.19 5.34 1.07 5.13
18 SPRC 0.64 0.39 16.25 21 1.77 5.01 1.09 1.67
19 STA 0.93 0.41 6.38 9.78 3.12 5.98 0.64 19.67
20 TASCO 0.58 0.36 12.67 14.98 1.5 14.31 1.64 6.21
21 TCAP 1.27 0.54 5.84 7.92 4.98 7.55 0.67 7.06
22 THG 1.37 0.55 9.56 16.58 1.89 29.05 5.83 1.31
23 TOP 1.83 0.64 11.38 23.59 15.63 3.35 0.81 4.22
24 TU 1.17 0.52 4.9 10.2 1.47 10.05 1.29 5.62
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Atual Predict Different

Date High Low Close Close Low High error error2
2023-07-03 22.40 21.80 21.90 22.09%0 21.534 22,6649 0.1990 0.0396
2023-07-04 22.80 21.90 22.70 21.9706 21.4135 225276 -0.7204 0.5321
2023-07-05 22.90 22.50 22.60 22,4226 21.8032 23.0421 -0.1774 0.0315
2023-07-08 22.80 22.20 2250 22.6292 22.0196 23.2388 0.1292 0.0167
2023-07-07 22.70 22.20 22.50 22,5287 21,9297 231277 0.0287 0.0008
2023-07-10 22.60 22.20 22.20 22,5000 21.9130 23.0870 0.3000 0.0900
2023-07-11 22.60 22.30 22.50 22,2860 21,6989 22,8730 -0.2140 0.0458
2023-07-12 22.70 22.10 22.20 22,4067 21.8254 22.9881 0.2067 0.0427
2023-07-13 22.30 21.80 22.20 22.3001 21.7244 22,8758 0.1001 0.0100
2023-07-14 22.70 2230 2280 22.2000 21,631 22.7669 -0.4000 0.1600
2023-07-17 22.80 22.60 22.80 22.4708 21.8953 23.0462 -0.3292 0.1084
2023-07-18 22.90 2260 2290 22.7442 221667 23.3218 -0.1558 0.0243
2023-07-19 23.60 22.80 23.50 22,873 22,3022 234441 -0.6269 0.3930
2023-07-20 23.90 23.30 23.30 23.3515 22.7500 23.9530 0.0515 0.0027
2023-07-21 24.00 23.40 23.90 23.3514 22,7586 23,9441 -0.5486 0.3010
2023-07-24 24.30 23.80 24.00 23.72M 23.1157 24.3385 -0.2729 0.0745
2023-07-25 2420 24.00 24.20 23.9755 23,3665 24,5845 -0.2245 0.0504
2023-07-26 24.30 23.70 24.00 241521 23.5411 24.7572 0.1521 0.0231
2023-07-27 24.30 24.00 24.00 24,0495 23.4505 24 6484 0.0495 0.0024
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