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Automated text categorization from evaluation

by using learning machine
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ABSTRACT

The purposes of this study were to find out the result of recognition evaluation or apply
the evaluation result to learning for improving efficiency or solving the problem on working process
that the organization required such as conclusion, summarization from a group of evaluation.
Nowadays, there were various of satisfaction evaluation including how to answer but there were
another interested evaluation that was text area. It was the sentence of data that mean user could
fill in it independently.

The problem of this study were to priority data that was a pain point couldn’t solve
directly problem affect to confidence on working quality or save the time. Moreover, the problem
of coordinators from the job on the Healthcare Accreditation Institute had many responsible
activities such as meeting of curriculum, having seminar and meeting of national forum. At the
result the process of evaluation spend the long time for grouping on suggestion and used many
people to do in this activity in the other hand found that the technology could help and having the
opportunity for improvement to made confidence of data correctly, summarization data and save
time including having value added on the job.

The research instrument used the automated text categorization from evaluation by
using learning machine used text area from evaluation made the answer as labeling that designed
by reading and giving suggestion from technical specialist 15 people for built the amount of 17,000
prototype data after that used data exploration and classification data for converting class of number
labeling and managed text that couldn’t use as symbols ("\n\d\[|[WVAS\ N2\ NNV NN ™) and
then used deep cut tokenize for separating words therefor used a instrument as a model and used
“LSTM” for inputting to Model by using number as array and used www. wiki.th to convert the
data for found X,Y data. At the result to build a model to input train test and used lookup=50 and
epochs=25 from the research found that there were to accurate at 68.91 percent.

Keywords: sentence of data, text area, pain point, categorization, evaluation
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<>
[ 1 #Uploading the Dataset

from google.colab import files
uploaded = files.upload()

[ | No file chosen | Upload widget is only available wh
Saving cattigorieslLabel.csv to cattigoriesLabel.csv

[ ] data = pd.read_csv("cattigoriesLabel.csv", sep=",", names = [

[ 1 data.info()
data.head(10)

> <class 'pandas.core.frame.DataFrame'>
RangeIndex: 8800 entries, © to 8799
Data columns (total 2 columns):
text 8800 non-null object
class 8800 non-null object
dtypes: object(2)
memory usage: 137.6+ KB

text class
0 vinatuviasdlssam lsiviaowa vinlisias. . qonufi
1 v Liwatelunarawasiwsizinisaaeriil... qonuii
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[ ] model_path = 'comment_model.h5'

if os.path.exists(model_path):
# load json and create model
json_file = open('comment_model.json’, 'r')
loaded_model_json = json_file.read()
json_file.close()
model = model_from_json(loaded_model_json)
# load weights into new model
model.load_weights("comment_model.h5")
print("Loaded model from disk")

else:
# create and fit the LSTM network
look_back = 360
model = Sequential()
model.add (LSTM(5, input_shape=(1, look_back)))
model.add(Dense(8))
model.compile(loss="mean_squared_error’, optimizer="adam’, metrics=["accuracy'])
history = model.fit(X_train, y_train, validation_data=(X_test, y_test), epochs=20, batch_size=1, verbose=2)
# Final evaluation of the model
scores = model.evaluate(X_test, y_test, verbose=0)
print("Accuracy: %.2f%%" % (scores[1]*1ee))

Train on 6600 samples, validate on 2200 samples
Epoch 1/20

- 355 - loss: @.8806 - acc: ©8.5355 - val_loss: ©.8722 - val_acc: 0.6185
Epoch 2/2@

- 34s - loss: @8.8664 - acc: 0.6465 - val_loss: 0.8663 - val_acc: 8.6555

JUmnuaagmTIve 18 In139A1 Model

Epoch 206/20
- 34s - loss: ©.0502 - acc: ©.7356 - val_loss: 0.8597 - val_acc: ©.6891
Accuracy: 68.91%

gﬂmwuﬁm Accuracy Model = 68.91%

Evaluation
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[ 1 newText = '&aun ,3nenns’

° import re
newText = re.sub('\n|[\d|\[|I\NININS NN INFINFINCIND) INCINY ]S ", "7, newText)
newText = newText.lower()
newText
‘AU Snenas
[ 1 tokenized_newText = deepcut.tokenize(newText)
tokenized_newText
['ﬂnﬂuﬁ Anenns']
[ 1 vector_newText = get_sentence_vector(tokenized_newText)
vector_newText.shape
(300,)
[ 1 X_newText = np.reshape(vector_newText, (1, 1,vector_newText.shape[©]))
X_newText.shape
(1, 1, 3080)
[ 1 y _newText = model.predict(X_newText)

y_hewText

array([[-©.23440261, ©.44551373, ©.8008056 , -0.04116067, -0.09387828,
©.00608582, ©.10991187, ©.01069384]], dtype=float32)

[ 1 class_name[np.argmax(y_newText)]
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